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Table 1: Efficiency rates for different observation error amplitudes Ca"b;rated par:meters
Land cover class I] _o:x L0 ook Lo _sok H operator diagram Downscaling-Calibration loop diagram
1: Bare Soil 54% 56% 53% Conclusions
2: Prairie 33% 30% 26%
3: Wheat 60% 59% 54%
4: Rice 48% 46% 43%

Real Data Downscaling Results
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T S e e e | T W S resolution temperatures in both synthetic and real
(a) — (b) G — TIK]
3107 , . 1 3107 : Vergers — . - - 350 cases.
305 Ri | | | 340 C . . . .
| ice | |2 ** Consider spatial correlation to better estimate sub-
— 300F — 300 IWh . . . .
< 5 =t 320 pixel temperatures for adjacent pixels (posterior
?-:a 295 % 295 g | {Prairi 290 - - - - -
! : e e correction, estimation of spatial correlations for the
~ 290 = 290 Bare soil 270 -
. 260 different classes, etc.)
I ARy M RGO e SR R ater 250
" 285 Figure 2 : ASTER 90m LAND cover/use map Figure3: MSG SEVIRI 5km x 3km LST map
EBL’J 280 T[K] .
= 7 350 Perspectives
N&ﬂ“ m{uﬂ E.r:u“ ﬂx'-.u“ 15{-@“ mﬁﬂ“ uﬁu“ H&aﬂ“ an0® g0 900 L gn00 00 oD ::g
e R -;ig  Relax the hypothesis of no spatial correlation and include spatial correlation
Figure 1 : Mean diurnal cycle over 20 days of assimilation. Figure (a) presents the prior downscaled temperatures compared 300 modelisation into the GPS downscaling approach.
to reference ones and figure(b) presents the GPS downscaled temperatures when CSR observation are assimilated. Line 290 e Extend the validity of the approach to multiscale observations (e g.: combine
markers ‘1’, ‘2, ‘3’ and ‘4’ design respectively ‘bare soil’, ‘prairie’, ‘wheat’ and ‘rice’ classes. Continuous lines correspond to 280 R
“truth” sub-pixel temperatures. AR S - N 270 METEOSAT and MODIS data).
W REA 'S e « Compare our downscaling approach to other ones (Inamdar 2008; Inamdar 2009;
. _ _ Figured: ASTER 90m LST map 250 Kallel & al., 2012 ; Bechtel & al.,2012 , etc.)
o Efficiency rates in Table(1) show that PF performances for downscaling LST decrease '
with observation error amplitude.
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